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Abstract: in recent years, with the development of global economic integration and information tech-
nology, e-commerce is rising rapidly, opening a new mode of shopping. A new and efficient way of
shopping is rapidly spreading all over the world. Nowadays, all kinds of live broadcasting with goods
on the Internet are becoming popular, and many people can buy all kinds of things at home. So com-
pared with the traditional way of shopping, do people prefer traditional shopping or online shopping?
In view of the above background, this paper proposes to use data mining technology to analyze wheth-
er people prefer online shopping or offline shopping.

Key words: Big data; Data mining.
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